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Article Info. Abstract

The importance of preserving voiceprints as well as verifying their authenticity has increased, especially since reliance on
them in the Corona period made many users rely on them in their work in directing administrative orders. As a result, this
research came in an attempt to employ several algorithms for neural networks to verify voiceprints for (50-100 (1 person
and for each person) (10-20) samples were taken. The results showed that the wavelet transform was affected by (the
number of people, the number of sound signatures, and the noise). It was taken from one of the most famous social
networking programs, which is (whatsApp), and the results showed that the design for each the type of noise and the type
of filter adopted to reduce the effect of noise, reached the highest rating (99.2%) and it is due to the convergent neural
network CNN (Band pass filter), while the worst rating reached 95.5% and it is due to the case of the convergent network
CNN (AWGN) as shown Results The ability of some filters to increase the classification accuracy of the convention neural
network and reduce the effect of noise.
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Nomenclature & Symbols
Per._mo. Perecentage_Mono

Per._st. Percentage_Stereo

Acc. Accuracy

AWGN Additive White Gaussian Noise
CNN Convolutional Neural Network
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(b) Inception module with dimension reductions

google net g 55 (e Apsac 45,5 (5) JSAl
Google Net J) 4 ) s Aalall &l jiall (1) J sl

type Patch Outputsize  depth  #1*1 #3*3 #3*3 #5*5 #5*5  Pool params  ops
siz/stride reduce reduce proj

convolution 7*7/2 112*112*64 1 2.7k 34m
Max pool 3*3/2 56*56*64 0
convolution 3*3/1 56*56*192 2 64 192 112k 360m
Max pool 3*3/2 28*28*192 0
Inception(3a) 28*28*256 2 64 96 128 16 32 32 159k 128m
Inception(3b) 28*28*480 2 128 128 192 32 96 64 380k 304m
Max pool 3*3/2 14*14*480 0
Inception(4a) 14*14*512 2 192 96 208 16 48 64 364k 73m
Inception(4b) 14*14*512 2 160 112 224 24 64 64 437k 88m
Inception(4c) 14*14*512 2 128 128 256 24 64 64 463k 100m
Inception(4d) 14*14*528 2 112 144 288 32 64 64 580k 119m
Inception(4e) 14*14*832 2 256 160 320 32 128 128 840k 170m
Max pool 3*3/2 7*7*832 0
Inception(5a) 7*7*%832 2 256 160 320 32 128 128 1072k 54m
Inception(5b) 7*7*1024 2 384 192 384 48 128 128 1388k 7im
Avg pool 7711 1*1*1024 0
Dropout(40%) 1*1*1024 0
linear 1*1*10001 1 1000k 1m
softmax 1*1*1000 0
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