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Breast cancer is one of the most common diseases affecting women in the world as a whole <and the incidence rates differ
from one region to another, and this phenomenon can be studied depending on the influence of place and not time «where
spatial data is directly affected by a set of influencing factors (age <geographic location «social <economic and reproductive
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between the spatial regressive models. The first model is spatial autoregressive mode and the second A model is the spatial
error model and the application of the two estimation methods <the ordinary least squares method «and the maximum
likelihood method on the regression models. The method of maximum likelihood method of the spatial auto-regression
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Nomenclature & Symbols
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